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Amazon SageMaker Studio

Available in preview

Loading the JupyterServer application default...


https://aws.amazon.com/jp/blogs/news/amazon-sagemaker-studio-the-first-fully-integrated-development-environment-for-machine-learning/
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Deep TensorFlow  Legacy mode: 1.4.1,1.5.0,16.0,1.7.0, 1.8.0, 1.9.0, 1.10.0
learning

Script mode: 1.11.0, 1.12.0, 1.13.0, 1.14.0, 1.15.0, 2.0.0
MXNet 0.12.1,1.0.0,1.1.0,1.2.1,1.3.0, 1.4.0, 1.4.1

Chainer 4.0.0, 4.1.0, 5.0.0

PyTorch 0.4.0,1.0.0,1.1.0,1.2.0,1.2.0,1.3.1

scikit-learn 0.20.0

TensorFlow:
Chainer:
PyTorch:
MXNet:
Sklearn:
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https://github.com/aws/sagemaker-python-sdk/tree/master/src/sagemaker
https://github.com/aws/sagemaker-python-sdk/tree/master/src/sagemaker/tensorflow
https://github.com/aws/sagemaker-python-sdk/tree/master/src/sagemaker/chainer
https://github.com/aws/sagemaker-python-sdk/tree/master/src/sagemaker/pytorch
https://github.com/aws/sagemaker-python-sdk/tree/master/src/sagemaker/mxnet
https://github.com/aws/sagemaker-python-sdk/tree/master/src/sagemaker/sklearn
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https://aws.amazon.com/jp/blogs/news/amazon-sagemaker-experiments-organize-track-and-compare-your-machine-learning-
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https://aws.amazon.com/jp/blogs/news/amazon-sagemaker-processin-fully-managed-data-processing-and-model-evaluation/
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from sagemaker.tensorflow import TensorFlow

mnist_estimator = TensorFlow(entry_point=

role=role,
train_instance_count= ,

train_instance_type= .
train_max_run =

train_use_spot_instances=
train_max_wait = ))
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https://neo-ai-dlr.readthedocs.io/en/latest/install.html#table-1-list-of-supported-devices
https://aws.amazon.com/jp/blogs/news/optimizing-costs-in-amazon-elastic-inference-with-amazon-tensorflow/
https://aws.amazon.com/blogs/machine-learning/running-amazon-elastic-inference-workloads-on-amazon-ecs/
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https://aws.amazon.com/blogs/machine-learning/save-on-inference-costs-by-using-amazon-sagemaker-multi-model-endpoints/
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https://aws.amazon.com/jp/blogs/news/amazon-sagemaker-model-monitor-fully-managed-automatic-monitoring-for-your-machine-learning-models/
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https://aws.amazon.com/blogs/aws/amazon-sagemaker-autopilot-fully-managed-automatic-machine-learning/

https://www.youtube.com/watch?v=gMEtqJPhgpA

https://gitlab.com/juliensimon/amazon-studio-demos/blob/master/dataset.ipynb



https://gitlab.com/juliensimon/amazon-studio-demos/blob/master/dataset.ipynb
https://www.youtube.com/watch?v=qMEtqJPhqpA




https://github.com/awslabs/amazon-sagemaker-
examples/blob/master/introduction to applying machine learning/xgboost direct marketing/xgboost direct
marketing sagemaker.ipynb



https://github.com/awslabs/amazon-sagemaker-examples/blob/master/introduction_to_applying_machine_learning/xgboost_direct_marketing/xgboost_direct_marketing_sagemaker.ipynb
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Amazon SageMaker Operators for Kubernetes
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Amazon SageMaker ZFFH U T
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Amazon Elastic
Kubernetes Service
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https://aws.amazon.com/jp/blogs/news/introducing-amazon-sagemaker-operators-for-kubernetes/
https://sagemaker.readthedocs.io/en/stable/amazon_sagemaker_operators_for_kubernetes.html

AWS Step Functions Data Science SDK

« AWS Lambda, Glue RRECEBR LU —/)\—L XA -5 A L —>32>

* A ! NES. Python CRIMLIE~FE ~
S O0A~DF7—FPA T RD—070—=ZFk L. tRELTEES

Fetch data :
e** N S

Amazon CloudWatch ~ AWS Lambda, AWS Glue Amazon SageMaker AWS Lambda (Amazon SageMaker)
Events

(Schedule /
event trigger)



https://aws-step-functions-data-science-sdk.readthedocs.io/en/latest/readmelink.html#getting-started-with-sample-jupyter-notebooks
https://aws.amazon.com/jp/about-aws/whats-new/2019/11/introducing-aws-step-functions-data-science-sdk-amazon-sagemaker/

Amazon Athena T SQL T UMS ML =17

e Athena ZfE> T SQL T Uh S EIF#EGZIFOH UeJEE(C

- HIRFBETI)ILZ
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AthenaMS5SQLTHUN UMV E]EE
« Amazon Athena @ ML #EgE(.
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https://aws.amazon.com/about-aws/whats-new/2019/11/amazon-athena-adds-support-for-invoking-machine-learning-models-in-sql-queries/
https://docs.aws.amazon.com/athena/latest/ug/querying-mlmodel.html

Amazon Aurora Machine Learning

. SQLESEAFERALT. T —IXR—X(THMZEE DT AIMEEZ BN
.  Aurora>—4aXR—IX M5, Amazon SageMaker 3 KU Amazon
Comprehend \{ii&
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https://docs.aws.amazon.com/AmazonRDS/latest/AuroraUserGuide/aurora-ml.html#exporting-data-to-s3-for-model-training
https://docs.aws.amazon.com/AmazonRDS/latest/AuroraUserGuide/aurora-ml.html

Deep Graph Library (DGL) H' SageMaker CH|Fu]gE
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https://www.dgl.ai/
https://docs.dgl.ai/tutorials/models/index.html
https://aws.amazon.com/jp/blogs/news/now-available-on-amazon-sagemaker-the-deep-graph-library/

Amazon SageMaker Studio & & &

. ERFIRIE SageMaker Studio (C KXBHFENZDME L
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